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e t-24 Is defined by the day of wee

UMPTIONS

K

- Monday: 24-hour ahead refers to Friday

- Tuesday to Friday: 24-hour ahead refers to the day before
- Saturday: 24-hour ahead refers to the last Sunday

- Sunday: 24-hour ahead refers to the day before

CL. Cooling load at time t
T, temperature at time t

Tuax: The maximum temperature of day

Tyine The minimum temperature of day

RH,: Relative humidity at time t

e 1-hour ahead prediction models are the same as up to 6-hour

ahead prediction models
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CONCLUSIONS

 ARX model’s integration of autoregressive and regression models
enhanced the accuracy in prediction.

 Robust regression approaches could detect outliers and decrease the
prediction error by 7%.
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